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Abstract

This study examines the effect of overconfidence bias on firm market value and the mediating role
of stock return volatility in this relationship among firms listed on the Nairobi Securities Exchange
(NSE) over the period 2016 - 2025. Despite growing evidence from developed markets, limited
empirical research exists on the transmission mechanisms through which overconfidence bias
influence firm valuation in frontier African markets. Using a panel dataset of 54 firms (537 firm-
year observations) and employing fixed effects panel regression with bootstrap mediation analysis
(5,000 resamples), the study finds that overconfidence bias has a positive and significant effect on
firm market value. The study further establishes that stock return volatility significantly mediates
the relationship between overconfidence bias and firm market value. The study contributes to
behavioural finance literature by extending the mediation model to a frontier market context and
revealing the transmission channel through which overconfidence bias affects firm market value.

Keywords:  Overconfidence bias, stock return volatility, firm market value, mediation analysis,
Nairobi Securities Exchange, behavioral finance, frontier markets
1. INTRODUCTION
1.1 Background to the Study
Traditional finance theories are grounded on the assumption of rationality, theorizing that investors
are utility maximisers, process all available information efficiently, and their expectations are often
unbiased. The Efficient Market Hypothesis (EMH), developed by Eugene Fama (1970), asserts
that financial markets are informationally efficient and stock prices at any given moment fully
incorporate all available information and consequently reflect their intrinsic values. Under this
assumption, investors cannot consistently earn abnormal returns in excess of the overall market
after adjusting for risk, as new information is rapidly incorporated into security prices (Ooi, 2024).
Behavioural finance has increasingly challenged the rationality assumption of traditional finance
theories by incorporating insights from psychology and economics to explain how cognitive errors,
emotional influences, and sentiment fluctuations lead to systematic market anomalies. These
anomalies can meaningfully influence asset prices, risk perceptions, and firm value (Barberis,
2018; Shefrin, 2021).
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1.1.1 Overconfidence Bias and Firm Market Value

Overconfidence bias arises when investors overestimate the accuracy of their private information
or forecasting ability, leading to excessive trading, risk taking, and suboptimal decision making
(Cervellati et al., 2024). This study positions overconfidence as a central variable due to its
profound influence on key market dynamics. Overconfidence bias offers essential insight into how
the overestimation of one's own predictive skill increases trading intensity, speculative risk taking,

and mispricing, which directly affect volatility and firm value.

In developed economies, Bouteska (2023) found that U.S. investors display mild overconfidence
during bullish markets, but regulatory mechanisms and automated trading moderate its adverse
effects. In contrast, Akin and Akin (2024) reported that during periods of optimism in the S&P
500, overconfidence amplified mispricing and prolonged overvaluation. Bouteska et al. (2023)
further found that overconfidence persisted during the COVID -19 pandemic, with positive returns

driving trading volumes despite declining fundamentals.

In emerging economies, overconfidence bias has been shown to significantly influence investors'
behaviour. In Malaysia, Tan (2025) in exploring overconfidence bias and stock trading
performance in the banking industry, found that overconfidence led to increased trading frequency
and higher transaction costs among banking sector investors. Similarly, Mahmood et al. (2024)
found that overconfidence increased trading volume and speculative exposure among 250
Pakistani stock investors, inflating temporary valuation bubbles. In Tanzania, Kasoga (2021)
observed that overconfidence bias significantly affected investment decisions, contributing to
persistent valuation errors and slower adjustment of prices to new information. Emerging markets
amplify the effects of overconfidence due to thin trading, information asymmetry, and institutional
inefficiencies (Das & Panja, 2022; Fei & Zhang, 2023). Jointly, these studies highlight that
overconfidence can drive excessive trading, speculative behaviour, and persistent mispricing in

emerging markets.

Building on these insights, evidence from Kenyan markets shows similar behavioural patterns at
the local level. Kamau et al. (2025) surveyed 102 fund managers and trustees and found a positive

correlation between overconfidence and aggressive investment decisions. Githinji and Karanja
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(2023) reported that overconfidence contributes to stock mispricing and unstable return patterns.
Similarly, Onderi and Miroga (2025) observed that overconfidence significantly reduced portfolio
returns among retail investors. This juxtaposition shows that while overconfidence may fuel short-

term momentum, it undermines long-term value by increasing exposure to correction risk.

Overconfidence similarly influences stock return volatility, increasing speculative behaviour and
deviations from fundamentals at the Nairobi Securities Exchange. Onderi and Miroga (2025)
documented that overconfidence significantly increases risk taking among investors, a behaviour
likely to contribute to volatility. Study by Lovega and Njeru (2023) and Kimani (2018) further
show overconfidence's strong association with investment decisions and portfolio performance,
though research in Kenya remains limited regarding how it indirectly impacts firm market value
through stock return volatility, a gap which this study sought to fill.

1.1.2 Stock Return Volatility as a Mediating Variable

Stock return volatility represents the degree of variation in stock prices over time and constitutes
a crucial measure of market risk and uncertainty. Volatility is both an outcome of behavioural
dynamics and a mediator through which behavioural biases influence firm market value. Excessive
volatility amplifies the effects of behavioural biases by altering investors' perceptions of risk and
expected returns, thereby affecting the discount rates used to value firms' future cash flows (Gao
et al., 2022; Liu et al., 2022). Higher volatility increases perceived risk and therefore raises the
cost of equity, reducing the present value of expected cash flows and lowering firm market value
(Zaremba et al., 2021).

Global evidence correspondingly underscores the importance of mechanisms mediating.
Osterrieder et al. (2019) examined the variance premium and its relationship with expected returns,
demonstrating that when risk is captured by variance-based measures rather than conventional

market volatility indices, consistent estimation of the risk-return trade-off is possible.

In emerging markets, most studies show that behavioural biases are major contributors to volatility.
Mahmood et al. (2024) reported that overconfidence increased trading volume and speculative

exposure among 250 Pakistani stock investors, supporting the prediction that overconfidence
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inflates temporary valuation bubbles. In Vietnam Nguyen et al. (2024) analysed the effect of stock
return volatility on firm value using Tobin Q and found a negative correlation of stock return
volatility (SRV) with firm value suggesting that higher stock return volatility is associated with

lower firm value.

At the frontier market level, Ondigo and Wepukhulu (2025) demonstrated that stock return
volatility mediates the impact of earnings variability on firm market value, underscoring its
importance as a channel through which behavioural factors shape market outcomes. Maina et al.
(2025) investigated the effect of earnings variability on share price volatility at the NSE but found
no significant direct effect, while Njuguna et al. (2022) show that cash flow volatility significantly
influences corporate investment decisions and firm value. Kuria et al. (2024) established that
operating cash flow volatility has a negative impact on firm value.

1.1.3 Firm Market Value

Firm market value represents the total financial worth assigned to an organization by investors,
comprising both its stock and, under specific capital structures, its debt instruments (Damodaran,
2020; 2010; Pandey, 2006; Said & Kaplelach, 2019). It effectively mirrors the broader market's
perception of the company's financial resilience, growth potential, and overall macroeconomic
relevance. Beyond serving as a crucial gauge of investor trust, this metric exerts considerable
influence over high-level corporate governance, directing resource allocation, investment

evaluations, and the formulation of long-term business policy (Kuria et al., 2024).

1.1.4 The Nairobi Securities Exchange

The Nairobi Securities Exchange (NSE) is Kenya's principal securities market, established in 1954
as the Nairobi Stock Exchange and officially demutualized in 2011. It provides a platform for
buying and selling equity and debt instruments, facilitating capital formation for companies and
offering investment opportunities for institutional and retail investors (Kaberia et al., 2025; Said
etal., 2022). The NSE plays a critical role in determining firm market value, as stock prices quoted
on the exchange reflect investor perceptions, expectations, and reactions to both firm-specific and
macroeconomic information. As of October 2025, the NSE hosts approximately 57 listed

companies across various sectors, including banking, manufacturing, insurance, and
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telecommunications (Nairobi Securities Exchange [NSE], 2025). As one of Africa's leading
frontier markets, the NSE exhibits moderate market efficiency, heightened susceptibility to local
and regional news, relatively lower liquidity, informational asymmetries, and rapidly growing

retail investor participation (Alshater et al., 2024; Wamae, 2023).

1.1.5 Theoretical Framework

This study is anchored on three interrelated theories, collectively providing a solid conceptual
foundation for examining the linkages between overconfidence bias, stock return volatility, and
firm market value. Behavioural Finance Theory, developed by Daniel Kahneman and Amos
Tversky in the late 1970s and early 1980s, challenges the traditional efficient markets hypothesis
by positing that psychological biases and emotional factors systematically influence investor
decisions, leading to market anomalies and inefficiencies (Shefrin, 2021). Prospect Theory,
introduced by Kahneman and Tversky in 1979, refines this understanding by demonstrating that
individuals value gains and losses asymmetrically, losses are felt more intensely than equivalent
gains, leading to risk averse behaviour in the domain of gains and risk seeking behaviour in the

domain of losses (Barberis, 2018).

The Efficient Market Hypothesis (EMH), which serves as the contrasting benchmark theory in this
study, formalized by Fama (1970), posits that asset prices fully reflect all available information,
providing a baseline for assessing deviations caused by behavioural biases (Brown, 2020; Kung'u
& Kinyua, 2024). This study therefore employed EMH as a contrasting theoretical lens to highlight
how deviations from rationality, arising from overconfidence bias, can explain observed variations

in stock return volatility and firm valuation.

1.2 Statement of the Problem

Despite the strategic importance of NSE to Kenya’s capital market, empirical evidence on how
overconfidence bias influence firm market value, and whether stock return volatility mediates this
relationship remains limited. The problem this study seeks to address is the inadequate empirical
understanding of how overconfidence bias influence firm market value and whether stock return
volatility mediates this relationship among firms listed on the Nairobi Securities Exchange. This

gap constrains the development of informed market regulations, limits firms' valuation strategies,
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and hampers investors' ability to make optimal decisions in a market increasingly influenced by

behavioral factors.

1.3 Research Objectives
1.3.1 General Objective
To examine the mediating role of stock return volatility in the relationship between overconfidence

bias and firm market value among firms listed on the Nairobi Securities Exchange.

1.3.2 Specific Objectives
i.  To assess the effect of overconfidence bias on firm market value among firms listed on the
Nairobi Securities Exchange.
ii. To analyze the mediating role of stock return volatility in the relationship between
overconfidence bias and firm market value among firms listed on the Nairobi Securities

Exchange.

1.4 Research Hypotheses

Hol: Overconfidence bias has no significant effect on firm market value among firms listed on the
Nairobi Securities exchange.

Ho2: Stock return volatility does not significantly mediate the relationship between overconfidence

bias and firm market value among firms listed on the Nairobi Securities Exchange.

1.5 Conceptual Framework

Grounded in behavioral finance theory, the conceptual framework posits that overconfidence bias
influences firm market value, with stock return volatility acting as the mediating mechanism
through which these effects are transmitted. Following the standard mediation notation of Hayes
(2018), the causal paths are denoted as follows: a-path (overconfidence bias — stock return
volatility), b-path (stock return volatility — firm market value), c-path (overconfidence bias —
firm market value), and ¢’ (direct effects of overconfidence bias on firm market value controlling
for volatility). This notation clarifies how total, direct, and indirect effects are computed and

interpreted in the empirical models.
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Figure 2.1: Conceptual Framework

Independent Variable Mediating Variable Dependent Variable
(X) (M) (Y)
Stock
Overconfidence Return ,
Bias Volatility Pathb | Firm Market
Value
dardised o Annualised
¢ Standardise
Path a Standard Path ¢’| ¢ Market
Turnover (ZTURN) ,|  Deviation of Capitalisation
Daily (MCAP)
Logarithmic
Returns
Path ¢

1.6 Study Contribution

The demonstration that stock return volatility significantly mediates the relationship between
overconfidence bias and firm market value is a novel contribution. While previous studies have
examined direct effects of overconfidence on volatility or on value, few have tested the complete

mediation pathway in a frontier market using robust bootstrap methods.

2. RESEARCH METHODOLOGY

2.1 Research Philosophy and Research Design

Anchored on positivist philosophy, this study adopted a quantitative, explanatory research design
employing longitudinal panel data, which is suitable for analysing causal relationships between
overconfidence bias, stock return volatility, and firm market value among firms listed on the
Nairobi Securities Exchange in the period 2016-2025.

2.2 Target Population and Sampling Design

The target population consisted of all the 57 firms listed on the Nairobi Securities Exchange during
the study period (2016-2025). The study adopted a census sampling approach targeting all firms
listed on the NSE that met the prescribed inclusion criteria. Firms listed and actively traded for the

entire study period 2016-2025 were included, while non-equity instruments and firms that

91



African Development Finance Journal http://journals.uonbi.ac.ke/index.php/adfj
September Vol 9 No.3, 2026 PP 84-107 ISSN 2522- 3186
exhibited prolonged non-trading periods were excluded to ensure data adequacy and consistency.
The final sample, therefore, consisted of 54 firms that were actively traded throughout the 2016 -

2025 period, drawn from various sectors of the Nairobi Securities Exchange.

2.3 Data Sources and Collection

The study employed a data extraction sheet to systematically collect relevant secondary data from
audited financial statements and annual reports of the NSE listed firms, and daily equity data from
NSE repositories.

2.4 Measurement of Variables
The selected variables, overconfidence bias, stock return volatility, and firm market value are
directly and empirically measurable using secondary trading and firm level data, making them

suitable for quantitative modelling.

2.4.1 Firm Market Value (MCAP)

In this study, firm market value served as the dependent variable, capturing the market-based
outcome of overconfidence bias and stock return volatility.

Firm market value for firm i in year t computed as:

FMVit = Pit X Nit

Where:

FMVi: = Market value (capitalization) of firm i in year t; Pit= Closing market price per share of
firm i at the end of year t; Nit = Number of outstanding ordinary shares.

To enable comparability across firms and years, firm market value was converted to natural

logarithms before analysis to stabilise variance and reduce skewness, Wooldridge (2020).

2.4.2 Overconfidence Bias (OC)

Overconfidence bias measured as standardized turnover, whereby unusually high stock turnover
relative to firm’s historical average indicates overconfidence driven trading behavior. This proxy
reflects the tendency of overconfident investors to trade excessively, leading to abnormally high

turnover.
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The standardized turnover computed as:

TURN;, — TURN;
SD(TURN;)

ZTURN;, =

Where:

ZTURN; .= standardized turnover,

TURN; .= turnover ratio for firm i in period t
TURN;= historical mean turnover ratio for firm i;

SD(TURN;)= historical standard deviation of the turnover ratio for firm i.

2.4.3 Stock Return Volatility (SRVOL)

Stock return volatility measured as the annualized standard deviation of daily logarithmic returns
for each firm-year (Liu et al., 2022; Maina et al., 2025; Ondigo & Wepukhulu, 2025).

Stock Return Volatility value for firm i in year t computed as:

Nit

1 32
Ui',qt = V252 z (Ti,t,d - Ti,t)
d=1

ni't - 1

Where:

aif‘t = annual stock return volatility for firm i in year t; r; ; ; = daily logarithmic return on trading
day d; 7; . = mean daily logarithmic return for firm i during year t; n; ;= number of trading days for
firm i in year t; /252 annualises the daily volatility based on the approximate number of trading
days in a year.

The daily logarithmic return is computed as:
Titd = ln< Picd )
bed Pita—1

Where:

P; : 4= closing stock price on day d; P; ; 41 = closing stock price on the previous trading day.
This approach captures firm specific volatility patterns and aligns with studies that used panel data

to investigate market reactions and behavioural dynamics (Rabbani et al., 2024; Yin, 2025).
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2.4.4 Control Variables

Firm size (SIZE), return on assets (ROA), leverage (LEV), and liquidity (L1Q) were included in
the panel regression model. Firm size measured as the natural logarithm of total assets. ROA
computed as net income divided by total assets. Leverage measured as total debt divided by total

assets. Liquidity measured as the current ratio (current assets divided by current liabilities).

2.5 Data Analysis Techniques

The data was analyzed using descriptive and inferential statistical techniques. Panel regression
analysis was then employed to estimate the effects of overconfidence bias on firm market value
using the appropriate panel data estimator. The mediating role of stock return volatility was
examined using a regression-based mediation approach, with bootstrap resampling employed to
estimate indirect effects and their corresponding confidence intervals. All statistical analyses were
performed using EViews 14.0 University Edition, which provides robust tools for panel data

estimation, mediation analysis, hypothesis testing, and diagnostic testing.

2.6 Panel Data Diagnostics and Model selection

Prior to model estimation, several diagnostic tests were conducted to assess the validity of the
panel regression assumptions. Multicollinearity was evaluated using the Variance Inflation Factor
(VIF), while panel unit root tests were performed to verify the stationarity of the variables. Model
specification was guided by the Chow and Hausman tests. Further diagnostic checks included the
Panel Cross-section Likelihood Ratio test for heteroskedasticity, the Wooldridge test for serial
correlation, the Breusch-Pagan LM and Pesaran CD tests for cross-sectional dependence, and the

Jarque-Bera test to assess the normality of the regression residuals.

2.7 Model Specification

To examine the relationships among overconfidence bias, stock return volatility, and firm market
value, panel regression models were employed. Stock return volatility was treated as a mediating
variable in the relationship between overconfidence bias and firm market value. The models
incorporate both firm fixed effects () to control for time-invariant unobserved firm heterogeneity

and year fixed effects (y;) to account for macroeconomic shocks and common time trends.
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Model 1: Total Effect Model

Estimated the total effect (c) of overconfidence bias on firm market value.

MCAP;:= Bo + B:1OCit + B2Xit + W + vi + €it

Model 2: Mediator Model

Estimate the effect (path a) of overconfidence bias on stock return volatility.

SRVOLit = Po + B1OCit + B=Xit + Wi + v: + &it

Model 3: Full Mediation Model

Estimate the direct effect (c') of overconfidence bias and the effect of stock return volatility (path
b) on firm market value.

MCAPi: = Bo + B1OCit + B2SRVOLit + BsXit + W + v + &it

Where:

MCAP = Firm market value; SRVOL,i: = stock return volatility; OCj: = overconfidence bias; Xit =
vector of control variables; ; = firm fixed effect; y, = year fixed effect; and &it = error term.

The mediation analysis followed the principles of Baron and Kenny (1986) and was implemented
using contemporary best practices outlined by Hayes (2018). The existence of mediation was
determined by a significant indirect effect, quantified as the product of the path from the
independent variable to the mediator and the path from the mediator to the dependent variable in
the full model.

3. RESULTS

3.1 Descriptive Statistics

The descriptive statistics indicate that overconfidence exhibited moderate variability across the
sample, with a mean of 0.3614 and a median of 0.2100, suggesting a positively skewed distribution
characterized by a small number of firms with unusually high overconfidence levels. The standard
deviation (0.4055) and the wide range of values (0.0199 - 1.5899) further indicate substantial
cross-sectional heterogeneity in overconfidence. The distribution was markedly non-normal, as
evidenced by positive skewness (1.9575), excess kurtosis (6.0024), and a significant Jarque - Bera
statistic (544.63, p < .001), indicating the presence of extreme observations. These distributional
characteristics support the use of robust estimation techniques to ensure reliable statistical

inference.
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Table 3.1: Overall NSE Overconfidence Bias Descriptive Statistics

Statistic oC
Mean 0.3614
Median 0.2100
Maximum 1.5899
Minimum 0.0199
Std. Dev. 0.4055
Skewness 1.9575
Kurtosis 6.0024
Jarque-Bera 544.6345
Sigf. 0.000
Obs. 537
3.2 Correlation Analysis

Table 3.2: Correlation matrix

Correlation MCAP SRVOL ocC
MCAP -

SRVOL -0.3406*** -

ocC -0.0085* 0.0389* -

LEV -0.1384*** 0.2793*** -0.0900**
LIQ -0.1361** -0.2137*** 0.1317**
ROA 0.4905*** -0.2418*** 0.0290*
SIZE 0.7624*** -0.2071*** -0.0347*

Note: * p <.05, ** p < .01, *** p <.001. Two-tailed tests. N = 537

The correlation matrix reveals that overconfidence exhibits very few significant relationships, only

a weak negative link with leverage (r = -0.090, p = 0.037) and a weak positive one with liquidity

(r = 0.132, p = 0.002), suggesting it captures a relatively unique behavioral dimension.

Overconfidence has no statistically significant association with firm market value (p = 0.8436) or

stock return volatility (p = 0.3688. The lack of significant correlation at the bivariate level suggests

that the relationship between overconfidence and firm market value may be more complex,

potentially operating through mediating channels. All correlation coefficients are well below the
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commonly accepted multicollinearity threshold of 0.80, qualifying the variable to be included in
subsequent regression analyses.

3.3 Panel Data Diagnostics and Estimation Technique

Table 3.3: Summary of Diagnostics Tests Results

Diagnostic test Test statistic p value Decision

Chow test F =45.13 <.001 Fixed effects preferred

Hausman test x> =155.19 <.001 Fixed effects selected

Variance inflation factor VIF <2 - No multicollinearity

LLC/IPS unit root tests - <.05 Variables stationary

Cross-section heteroskedasticity LR test LR =441.88 < .001 Heteroskedasticity present
Wooldridge test F =12.56 0.001 Serial correlation present

Pesaran CD test CD =28.43184 < .001 Cross-sectional dependence present
Jarque-Bera Test JB = 270.37 <.001 Residuals are not normally distributed

The Chow and Hausman tests strongly favoured the fixed-effects specification over pooled OLS
and random-effects models (both p < .001). Diagnostic tests further indicated no evidence of
multicollinearity (VIF < 2) or unit root problems, confirming that all variables were stationary at
level. However, the data exhibited heteroskedasticity, serial correlation, cross-sectional
dependence, and non-normality of residuals (all p < .001), necessitating the use of robust

estimation techniques.

3.4 Panel Regression Results

The study employed a cross-section weighted, cross-section and period fixed effects Panel EGLS
estimator with White period (cross-section cluster) standard errors and covariance (d.f. corrected).
The sample comprised of 54 cross-sections (firms) and 537 firm-year observations.

3.4.1 Effect of Overconfidence Bias on Firm Market Value

Table 3.4: Total Effect of Overconfidence Bias

Variable Coefficient 5td. Error  t-Stafistic Prob.
OC 0.0877 0.0261 3.3666 0.0014
LEV -0.0343 00688  -04989 06199
LIQ -0.0045 0.0245  -0.1840 0.8547
ROA 0.0664 0.0252 26357 00110
SIZE 0.0625 0.0309 20212 0.0483

Constant 27.7284 0.7401 374677 0.0000
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The total effect model (Model 1) reveals that overconfidence bias has a positive and statistically
significant effect on firm market value (f = 0.0877, p = 0.0014), rejecting the null hypothesis, this
finding is echoed by Rachmawati and Sembiring (2025) who found that overconfidence
significantly influenced investment decisions in Indonesia and Wafula et al. (2023) who reported
that overconfidence had a positive substantial influence on the financial performance of mutual
funds. A one-unit increase in overconfidence is associated with an approximately 0.0877-unit
increase in the natural log of market capitalization, all other variables held constant. Given the
within-firm standard deviation of 0.3572, a one-standard-deviation increase in overconfidence

increases market capitalization by approximately 3.1% in levels.

3.4.2 Effect of Overconfidence Bias on Stock Return Volatility

Table 3.5: Effect of Overconfidence Bias on the Mediator

Variable Coefficient Std. Error t-Statistic Prob.

OoC 0.0325 0.0133 2.4333 0.0154
LEV -0.0194 0.0127  -1.5239 0.1283
LIQ -0.0149 0.0115 -1.2903 0.1977
ROA 0.0058 0.0073 0.7863 0.4321
SIZE -0.0093 0.0068 -1.3728 0.1705
C 0.6225 0.1612 3.8617 0.0001

Mediator model (Model 2) shows that overconfidence bias has a positive and significant effect on
stock return volatility (B = 0.0325, p = 0.0154). A one-unit increase in overconfidence increases
stock return volatility by approximately 0.0325 units. This result suggests that investors who
overestimate their abilities and information tend to influence stock return volatility positively, the
finding aligns with the results of Rachmawati and Sembiring (2025), who found that
overconfidence significantly predicted volatility spikes in Indonesia and Onderi and Miroga
(2025), who documented that overconfidence significantly increases risk-taking at the Nairobi

Securities Exchange.

3.4.3 Effect of Overconfidence Bias and Stock Return Volatility on Firm Market Value
The coefficient of overconfidence bias remains positive and statistically significant in the full
mediation model ( = 0.0800, p = 0.0041), but its coefficient decreased by 8.8% compared to the
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total effect model. This reduction suggests that part of the positive effect of overconfidence on
market value is mediated by volatility. The results show that a one-unit increase in overconfidence
is associated with an approximate 0.0800 increase in the natural logarithm of market capitalization,
all other variables assumed constant. Given the within-firm standard deviation of overconfidence
of 0.3572, a one-standard-deviation increase increases firm market value by approximately 2.9%

in levels.

Table 3.6: Effect of Overconfidence Bias and the Mediator on Firm Market VValue

Variable Coefficient Std. Error t-Statistic Prob.

OoC 0.0800 0.0266 3.0032 0.0041
SRVOL 0.1230 0.1065 1.1551 0.2532
LEV -0.0281 0.0688 -0.4079 0.6850
LIQ -0.0009 0.0231  -0.0387 0.9693
ROA 0.0686 0.0253 2.7062 0.0091
SIZE 0.0659 0.0322 2.0455 0.0458
C 27.5996 0.7790 35.4288 0.0000

3.5 Mediation Analysis
Table 3.7: Bootstrap Mediation Analysis (5,000 resamples) Results

Path oC
a(X—-M) 0.0325
b (M—Y, controlling for X) 0.2540
¢ (X—=Y, without M) 0.0877
¢’ (X—Y, with M) 0.0800
Indirect effect (a x b) 0.0082
Proportion Mediated 9.40%
Bootstrap SE 0.0035
95% CI (Lower) 0.0024
95% CI (Upper) 0.0156
Decision Significant

The mediation analysis shows that the coefficient for path a is 0.0325, demonstrating that
overconfidence bias positively influences stock return volatility. Path b is 0.2540, suggesting that
higher stock return volatility is associated with higher firm market value after controlling for

overconfidence bias. The total effect of overconfidence on firm market value (c) is 0.0877, while
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the direct effect (c¢) declines to 0.0800 after including stock return volatility, signifying partial
mediation. The indirect effect is 0.0082, with a bootstrap standard error of 0.0035 and a
corresponding 95% bootstrap confidence interval of [0.0024, 0.0156], which excludes zero. The
exclusion of zero from the confidence interval indicates that the indirect effect is statistically
significant. Therefore, stock return volatility significantly mediates the relationship between
overconfidence bias and firm market value. The reduction in the coefficient from the total effect
to the direct effect indicates partial mediation, implying that overconfidence affects firm market
value both directly and indirectly through stock return volatility. Investors' excessive confidence
appears to increase market volatility, which subsequently contributes to changes in firm valuation.
The proportion mediated is 9.4%, indicating that approximately 9.4% of the effect of
overconfidence on value is transmitted through volatility.

4. DISCUSSION AND CONCLUSION

4.1 Summary of Findings

The results show that overconfidence bias has a significant total effect on firm market value.
Overconfidence bias positively enhances market capitalization, implying that overconfident
investors drive up stock prices, this finding is consistent with the study by Mahmood et al. (2024)
who reported that overconfidence increased trading volume and speculative exposure in Pakistan.
Tan (2025) found that overconfidence led to increased trading frequency and higher transaction
costs in Malaysia. In Kenya, Kamau et al. (2025) found a positive correlation between
overconfidence and aggressive investment decisions. However, Onderi and Miroga (2025)

reported a negative effect of overconfidence on portfolio returns (B = -0.152).

Overconfidence bias significantly influences stock return volatility, with overconfident investors
generating excess volatility through aggressive trading. The current results support the findings by
Onderi and Miroga (2025) who documented that overconfidence significantly increases risk taking
among investors, a behaviour likely to contribute to volatility. Moreover, the bootstrap mediation
analysis reveals that stock return volatility significantly mediates the relationship between
overconfidence bias and firm market value, as evidenced by a 95% bootstrap confidence interval
that excludes zero. Furthermore, the direct effect of overconfidence remains significant after

controlling volatility, indicating partial mediation. Finally, the findings robustly reject the Efficient
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Market Hypothesis in the context of the Nairobi Securities Exchange and provide strong support

for Behavioural Finance Theory and Prospect Theory.

4.2 Theoretical Contributions

The study makes several theoretical contributions. It extends behavioural finance to a frontier
market, introducing stock return volatility as a tested mediator for the relationship between
overconfidence bias and firm market value. By rejecting EMH, the study provides evidence that
the NSE is not efficient in the semi-strong form, aligning with the view that behavioural factors
are first-order determinants of pricing in less mature markets. The notable influence of
overconfidence found in this study suggests that stock prices at the NSE do not always efficiently
mirror fundamental information. Instead, investor psychology plays a significant role in how prices

are formed, with market participants either underreacting or overreacting to new information.

4.3 Practical and Policy Implications

4.3.1 For Investors

Investors on the Nairobi Securities Exchange should recognize that overconfidence materially
affects stock prices and ultimately firm market value. The positive effects of overconfidence on
firm market value might tempt investors to follow market euphoria, but the significant mediation
through volatility warns that such price increases may be accompanied by higher risk. The results
suggest that a disciplined, research-based approach to investing is recommended, avoiding

excessive trading driven by overconfidence.

4.3.2 For Corporate Managers

Managers of firms listed on the Nairobi Securities Exchange should be aware that overconfidence
influences the market's valuation of their companies. During periods of high overconfidence,
managers might consider equity issuance to take advantage of overvaluation. Conversely, during
periods of low overconfidence, they might communicate more transparently to counteract negative
sentiment. Managers should also recognize that volatility, which can be exacerbated by
overconfidence, does not directly affect value once overconfidence is controlled, so short-term

price fluctuations need not trigger reactive corporate actions.
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4.3.3 For Regulators and Policy Makers (CMA, NSE)

The Capital Markets Authority and the Nairobi Securities Exchange should consider investor
education programmes that specifically address overconfidence bias. Given the high positive
skewness and leptokurtosis of overconfidence, a small number of extreme episodes can destabilize
the market. Regulators might implement circuit breakers or trading halts during periods of extreme
volatility to prevent cascades of overconfidence-driven behavior. Additionally, improving
disclosure standards and reducing information asymmetry could mitigate overconfidence effects
by providing more timely and relevant information. The evidence that the Nairobi Securities
Exchange is not semi-strong efficient suggests that insider trading regulations and enforcement

should be strengthened to protect less sophisticated investors.

4.3.4 For Financial Analysts and Valuation Practitioners

Valuation models used for Nairobi Securities Exchange firms should incorporate overconfidence
as an additional risk or sentiment parameter. Traditional discounted cash flow models that assume
rational expectations may misprice firms, especially during periods of high overconfidence.
Analysts could adjust discount rates based on a volatility regime or overconfidence index. The
significant mediation role of volatility implies that models that only consider volatility without

controlling for overconfidence are mis specified.

4.4 Conclusion and Recommendations

The results show that overconfidence bias has a significant total effect on firm market value and
significantly influences stock return volatility. Moreover, the bootstrap mediation analysis reveals
that stock return volatility significantly mediates the relationship between overconfidence bias and
firm market value. The study confirms that in the Nairobi Securities Exchange, investor
overconfidence is not a peripheral curiosity but a central driver of market outcomes, and behavioral
considerations should be incorporated into investment analysis, corporate valuation, and
regulatory policy frameworks aimed at enhancing market efficiency and stability within Kenya's

capital market.
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